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> B KBA AL EZH ERREE—KE, IWHEARARERSEARE,

vV KRG R R =R Rk MAKGPT-4o A KEw, FERAITLESMA; —KSIKGemini LML) LT LIEM, LAKIER;
##Claude3. 5R BALE A X LARE
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> M3 B KERRNFRALE, BAAERRREZEY K; BA AR AL KA S B s B agd 5
BARBERALEHRZ F ) EFFNTERRERE; B RBERARRBER T ENE, LEIARRRET G,

BEVRIEIEN 2 [ERE B E AR, 1



H %

CONTENTS

01 TEMEKEEREE S,
RIS S R

02 ERXKREIFE B | RE
KA | AR S%

03 R&FEW

04 NXUpEHEm:

RS WIIERIEN 2 RS BIREE R AR, 2



BN HISLE—FEE |
ECHHBRE (A TEEEFN SRS H

1.1 FiEE | B & LMKRE Zm
1.2 KiZBISHF | SIRSHIRGEMIIN , [RESIRSHRALCH
1.3 LEBEERR - MEBRIZISINER , IBRSEABREPE

BEVIIERIEN 2 [EREBIRE R AR, 3
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> OpenAl. Google, Antropic= k) B xAn%
BABEAR—KE: §23FMCEPT-4 K A
k, B1F AR AQERR LT RER
RIBAEE . 202457 9 KA %Kik B A BT
bk, RRESFHEAHHERRETR,

v' 1) 54, OpenAl & % #7 6938 AL R GPT-4o0,
SEIIEALSBPEF R 2, 48ELGPT-4 Turbo,
J) #7SOTASE HL M A8 K Ko

v' 2) 5/, Google&X #Gemini 1.5 Proi#t Mk,

2007 tokens L F L, A& Z& K9
32 Fe 32 FERE 7T

v ' 3) 6/, Antropic&X #Claude 3.5 Sonnet,
B & B imeyRaFetlit it ), AEMKEZER
A A Bk JEGemini 1.5 Pro#=Llama—400b,
KEP)HK T GPT-do, —FAZE EH K&
H LT ABEARERFKE.

1Y, BN IR A IMAIREBLZ &

o gl TEIRIEH

Topsperity Securities

BAk: BIEKEAREEXRBE -2

Al model release and capabilities timeline

BENCHMARK SCORES

Averaged

3

o
3

GPT-4

Claude 2

Claude 3.5
Sonnet

GPT-40

Gemini

Claude 1 /

@ Claude
GPT

Gemini

RELEASE DATE

BEWIRIEIEX 2 GREERER LRSI,

BRRIR © APPSOREARS | Antropic BRI |, SRR



1.1.1 31X : GPT-4o0BEE , ISERFESESERE " R

> BEAEGE LMK, GPT-do ALK, EEFRADE ST EFENTGPT-4 TurboBR H e PLek, RANAESIES. TRAA
T RE LK B T 8 &R K.

v XA : GPT-407£0-shot COT MMLU (738184 ) J:@J T88. 7% = o I, AEAELEY5-shot no—CoT MMLU_L,
GPT-404] F T87. 2% 4 5 % A8% T GPT-4 Turbom &, GPT-4oL AIfEIZAL HH — 225,

v %3EERAM: 5Whisper- v37l‘EItb GPT-4do /2 Z #PiEZ 09 IR AP A Fr, LARFTREZ89EZ .

v EHENiE: GPT-dofs SINENF A M EX B389 3 KA, EAMLSE E MK+ 44 FWhisper-v3.

B % : GPT-doX A 32 404KGPT-4 Turbo® — B%: SWhisper-v3#tk, GPT-4oE % FiES & : GPT-4ofL FiMENiER I LA B A6 & KA
Text Evaluation = =2t #IR 5 PRI F RARIEARLF) -
W GPT-40 M GPT-4T W GPT-4 (initial release 23-03-14) M Claude30Opus M Gemini Pro15 Audio ASR performance (Lower is better) R b orence (lidheyBEottel)

M GeminiUltra10 M Llama3400b B Whisperv3 B GPT-4016-shot MOpenAl B Meta 1 Google

50
45

35
20 30
5 ) 25
g 15
< 20
= =]
10 15
| | II |
o N :
(o]
w W 2
e §
u: |} ] 5 -
8 3 : 8 g g
L i : ]

Model

100

75

Word Error Rate (WER %)
CoVoST-2 (BLEU)

50

o

25

North-Africa
Sub-Saharan Afric:
South Asi;
South East Asia
CIK(CER)
Whisper-v3
XLS-R
SeamlessM4T-v2
AudioPalm-2

(=]
MMLU (%) _’

Central-Asia/Middle-Eat/

GPQA (%)
MATH (%)
HumanEval (%)
MGSM (%]
DROP (f1)

Region

BEVIIERIEN 2 [EREBIRE R AR, BRIRIR : OpenAIER , FEFBEAFIAT (I : Llama3 4000i&7E) g5 ) 5



Accuracy (%)

1.1.1 ¥4 -

GPT-4oBEHE

v’ M3Exam®]iX,: M3Exam# /& NXBE 2 %15 2 - 6L -2ATFE, kAR

!T

OIERAMAR L. ETAIESQEAENXP, GPT-40#F LGPT-4 % 5%,

v LR GPT-4o LAt

A4 63. 1,

R B LT mAFGMHAE, LKRF,
Turbo. Gemini 1.0 Ultra., Gemini 1.5 Pro. Claude Opus%*

SRS RS

e B RAT AN K A % ik

GPT—4o0 ZEMMMUR] X, F 5
59.4, 58.5, 59.4,

FAaam

>R 5691,

e ol EIRIEH

Topsperity Securities

&, AT

#GPT-4

V GPT-4o02 AR NEBEFILE: T XA, BIBEEF AIEE, GPT-40iL L HIDM oK. LAHEFHRE SHNL Rk,
> GPT—4o APIPEMLEA FT325: 5GPT-4 TurboARtb, GPT—4oif B 324124%. s AEPME4K T50%, Hik F[R4|IRF542,

B : fEM3ExamB EM X P, GPT-4obGPT-43%

MB3Exam Zero-Shot Results
BGPT-4 BGPT-40
20

80

0

0

| |

0 =

N @ & @ 3
S & 8 3

3

ese
|

Afrikaal
(All Questi o

Language

ese
ns) I

ai
ns) I

PR

Eval Sets GPT-40 GPT-4T
2024-04-09
MMMU (%) (val) 691 631 594
MathVista (%) 638 581 530
(testmini)
AI2D (%) (test) 942 894 795
ChartQA (%) (test) 857 781 808
DocVQA (%) (test) 928 872 909
2%
8¢
ActivityNet (%) (test) 619 595 522
EgoSchema (%) (test) 722 639 615

B%&: GPT-do AL Bt A LEAT R

Gemini 10 Ultra Gemini 15 Pro

585

521

803

813

865

567

63.2

Claude Opus Input
A sea lion sculpture. On the
circular base of the sculpture, the

B % : GPT-40%: 3.3D4 4 %

Output

4 hidden steps

baa word "OpenAI" is etched out. (view
0)

505

881

80.8
Input

893 A sea lion sculpture. On the

circular base of the sculpture, the
word "OpenAI" is etched out. (view
5)

Output

-

BHWIEIEX Z/ERIER

BRI AR R,

BEERIR - OpenAIER , BFBHARAT (iE : ATEMREITLEDR O-shot )



1.1.2 —X : B5XGeminiEIRRAY LTI IBHR

> (S gk) # M AkGemini 1.5 Pro:

E &1 kéﬁéﬁi}l 5.

v ETFX:

BHSARH, LTLHEu#E, B4

it 42Gemini 1.5 Proi%1007]‘tokensi']~‘x
BURE T N A2 B AL,

2007 tokens (FE#&#LIRE 410007 tokens)
M. 2208 FIR. ABL6FH TR RHFE140% 75 #13), iX1EFGemini 1.5
Proﬁaﬁtijﬂiki‘éﬁﬁ%%%, AR P AR, RaE T,

-3 ¥

AR FREAERE AR
A12D. MathVista. ChartQA. DocVOAS % 37 /)
Ak, %I EALAALIRILRE AL MK P AR LT R AR

v W He: By AT7%£ T/ A 77 tokens;

FBJG T 45

Bt H AR A F IR, A B RWIGemini 1.5 Pro3gag T AR a9 X
% #3185 AR G A BRI AR AR 7], ZEMMMU,
K X, P BUF

TEF

3.5%7./8 7 tokens (128k ETF )

B%&: #HikGemini 1.5 ProA K Z# b LR TaTRER

Gemini 1.5 Pro

Relative to 1.5 Pro (Feb) Relative to 1.0 Pro Relative to 1.0 Ultra

Long-Context Text,

Video & Audio

Core Capabilities
Text
Vision

Audio”

1o change from 32k from 32k
up to 10M tokens up to 10M tokens ¢
“
Win-rate: 78.1% Win-rate: 88.0% Win-rate: 77.8% a
(25/32 benchmarks) (44/50 benchmarks) (35/45 benchmarks)
Win-rate: 78.6% Win-rate: 95.8% Win-rate: 84.2%
(11/14 benchmarks) (23/24 benchmarks) (16/19 benchmarks) 20
Win-rate: 92.3% Win-rate: 95.2% Win-rate: 85.7%
(12/13 benchmarks) (20/21 benchmarks) (18/21 benchmarks)
Win-rate: 80% Win-rate: 60% Win-rate: 40%
(4/5 benchmarks) (3/5 benchmarks) (275 benchmarks)

Bk :ﬁ:Ff‘ﬁ)iGemlnl 1.5 Profe 2 /& MK 7 1% g% BARAZ AR AT

T2 FBIE 35

Topsperity Securities

EﬂiELHZI

B%: Gemini 1.5 Pro®# kT AR 10007 tokens

B Unsuccenstul retriad

Video Haystack
(m]
Video

Up to 10 hours
(9.9M tokens)

Audio Haystack
i
Audio
Up to 107 hours
(9.7M tokens)

Text Haystack

1]

Text

Up to 7M words
(10M tokens)

- P

i 1.5 Pro (Feb mw

(+4.0) 841 626 [ w13 ety 20001
B

MMMU  FLEURS (1} EgoSchema

MATH GPQA  BigBench-Hard MMLU  HumanEval Natural2Code WMT23  v*Bench  MathVista
Benchmark

BSWIEIEX ZERIER

RN AEEE,  BRISRIR - Google {Gemini 1.5: Unlocking multimodal understanding across millions of tokens of context )

. TEFBEATRRT 7



@IMIES
’ ‘ 5 2 Topsperity Securities
Il 1.2 —{X : AXGeminiBiRRAY LTI IERE, @EELEU
> (&IEH) Gemini 1.5 Flash: &% T %2 A /& sHk B%: Gemini 1.5 Flash5Gemini 1.0%}tb
ER Fe KB A E Kt B8R, C4T K Gemini 1.5 Flash Relative to 1.0 Pro Relative to 1.0 Ultra
AL 2. SIMAIIES BT T Rk, ) L y
ﬁ?ﬁigf £ BMEESLATT 4 i R RA LOS%SSE?:;ZXL from 32k up to 10M tokens from 32k up to 10M tokens
v i%’fﬁﬁ'f"{&ﬁi&: BN ANF 569 %%T C Capabiliti Win-rate: 82.0% Win-rate: 46.7%
Fl ash/f'}_ 3-& /£ EI CP in ‘\%_ CP g.: i}LnJ T Ei Hﬁiﬁ‘s&ﬁ}io ore Capabtlities (41/50 benchmarks) (21/44 benchmarks)
vV ETFX: MERTI1007 tokensty Kk E TFLEH 2, F Text Win-rate: 94.7% Win-rate: 42.1%
75;/\ ‘ﬁ 15 fl% /i ﬂﬂ' r-lE ii\}ZOO?J’tokens ° [18./’19 benchmarks) (8{19 benchmarks)
S HRAE: 1.5 Flashfh X 15 0095 B 0 & Vion  Mmmespse i o5
0 & @ , ﬁ.ﬁ] ﬂ’"%ﬁi%\ HgP/Ii/l Jﬂ N @ 4?%"3%%5‘?‘%\\ Audi Win-rate: 0% Win-rate: 0%
K A% ﬁn%?}%é’] Z,%’(#EJ};%HSL%: %’7 ﬂ"@'c%\ o /&#Z:Q; g8 A | udio (0/5 benchmarks) (0/5 benchmarks)

P, AA1.0 Profb R 23, AATRE AWK+,
1.0 Ultraft & % 5,

v ¥ 128k ETFUH 2 AH0.35% 7L/ G 7 tokens, B%: Gemini 1.5 Flash&# &y HA 4 b FH6-F R KL (ms)
v ig&*: i‘l;l’ 5’%? k'fifg*f.ﬁt “T;i‘;i#%: HA, ZHK Language CCMini 15 Gemini 15 GPT35 GPT4 Claude3 Claude3 Claude3
LF1.5 ProP s 2094 iR e 85422 2N, £ Flash Pro Turbo Turbo  Haiku Sonnet Opus
SRR P, 1.5 Flash& —ATransformer fi&74 % English 1.5 4.3 2.6 6.8 2.2 6.2 10.5
= 2 4 3t IR S Japanese 4.3 10.9 12.9 35.4 10.7 239 46.6
RE, & j‘{_(ﬂ ATPU, Fé{ﬁ‘*%}fg‘a%%,}‘ﬁ° f] Chinese 5.2 14.1 184 534 12.8 30 55.3
do, CIHAFATHEEE N NS E. CEASH French 1.9 4.7 4.1 10.7 3.0 6.8 13.4

A T kB AT NG AR S R =

EENEEIEY S EEREN EEEE, BRSEE  Google {Gemini 1.5: Unlocking multimodal understanding across millions of tokens of context) , f=FFR5AT 8



1.1.3 81% : Claude3.583 (%

> 6H, Anthropic & T —KEA K A Claude 3.5 Sonnet,
AR AT AR R A, CRKPRBER ML,

HZHBIE

B % : Cluade 3.5 SonnetfEGPQA. MMLUZE M) & 1 Ak 2 A4 26

Claude 3.5 Claude 3 GPT-40 Gemini 1.5

T2 FBIE 35

Topsperity Securities

vV ETF & BE&M A& B A 207 tokens ETFLEH 2, Claude a Llama-400b
- . . onnet Opus Pro (early snapshot)
3. 5 Sonnetflﬁ]&*ﬁ'ﬁfi)%c I aude 3 opUSé{J %'{% H iﬁ)\$3/g Graduate level 59.4%* 50.4% 53.6%
7 tokens, #id4i$15/ 8 7 tokens, A A FClaude 3 Opus®Z  Golbimna | osworcor et ot = =
N —
éJ ‘Z R ond vt 88_.7%" 8—6.8% = 8—5.9% 8'6.1%
vV EHR EJ #X: Claude 3.5 Sonnet2#F %0 A K-FAEFGPOA, &  icveinowiedse - :; 85';; i Kdat Bealoc
_ MMLU 3% 7% 7% — -
ﬂ“c‘]’i 7K+#&£EMMLU%U éﬁ]# E j] HumanEVa I 73— @*XT'L T ’:}Eﬁ’ é/J /?T_U'_ 0-shot CoT 0-shot CoT 0-shot CoT
B £ e | 5, 2. B AL
% o ﬁég#&k’ X é? i fi 7?'_ |, B Ae 8 A g Lo B E K Code 92.0% 84.9% 90.2% 841% 841%
ﬁ’ )//( 2 Q K. ﬁ_{\—ﬁg é{J 1_?'_ :L#ﬁa» H:'J I'E'] }}ﬁ‘ = é{J _)_:J /f/? l};] /,§>c HumanEval 0-shot 0-shot 0-shot 0-shot 0-shot
vV RAAG@EALF. B85 HRIELFE KSR P, Multlingual math 91.6% 90.7% 90.5% 87.5% _
< \ 4 o 0-shot CoT 0-shot CoT 0-shot CoT 8-shot
3.5 Sonnet& ik T 64%49 =, 3 Opus 7 & T 38%,
. s S o o g  over 83.5
g/a\ % ‘/%— H*)? é{J j ﬁﬁ ')& %—I‘ 7N 'E ‘?‘}L ﬁ% zi —‘I—éﬁj '% A} gﬁ] iIF ﬁ\? z;‘?;??]l‘:gt?me =~ i857hl( isssllll ??hfl \’;\li.17l::-9<hms l’r~~xrfi-|b||}(ilm Jdel
PR, A AR S S KSR e
Mixed evaluations 93.1% 86.8% s 89.2% :shot (‘:'I'
BIG-Bench-Hard 3-shot CoT 3-shot CoT 3-shot CoT S T sl
. 3R 7 ] X 1% 5
B % : Cluade 3.5 Sonnet: P 3R % AL M| X ¥ 41 % FClaude 3AER K4 L — e - r—— -
MATH 0-shot CoT 0-shot CoT 0-shot CoT 4-shot 4-shot CoT
Claude 3.5 Claude3 Claude 3 Clau'de 3 s e i 96.4% 95.0% B 90.8% 941%
Sonnet Opus Sonnet Haiku GSMSK 0-shot CoT 0-shot CoT 11-shot 8-shot CoT
% of problems which pass all tests 64% 38% 21% 17% * Claude 3.5 Sonnet scores 67.2% on 5-shot CoT GPQA with maj@32
** Claude 3.5 Sonnet scores 90.4% on MMLU with 5-shot CoT prompting
BSYUIEEIEN Z BRI ERE A ERF. FHSIE © AnthropicER) , Anthropic {Claude 3.5 Sonnet Model Card Addendum) , EEFRFAZIRR 9



1.1.3 jH%E

v’ Claude 3.5 Sonnet

RAEaf,
R E] B T B A TR T . XA EEARE HClaude A 3T 35 XA & Wr4E TAEIR 3%

G S

Claude3.582 15

: Anthropici2 A b REXWMABER, EMER L. B SACEEL S P ot
ﬁ%%&ﬁ%@%#%%x$,ﬁﬁﬁi§ﬂ%,
v EIAArtifactsﬁifiiif&o L Z KClaude £ mARAL ., L AR M sEiX 5 A, Artifacts4

2ot B A, i A EClaude B E. ME THRT —ANHEIHES

B % : Claude 3.5 SonnetZAnthropic 3% k 894 A

R RAE

T2 FBIE 35

Topsperity Securities

GIEYE =1 X

R, ¥ KA

P if e 2 BRIR 5 F AR A AZ S AR

L"i%&ﬁ'i%%’l\éﬁ‘?
M, KAIERG A S P LR
MEE, XREIERZRANBETF,

B % : Claude 3.5 Sonnet5| AArtifactsT £ X & 74 X,

A+ S-Bit Crab Art ~ - °
Claude 3.5 Claude 3 GPT-40 Gemini 1.5 2. Two sm: o
Sonnet Opus Pro - X
Visual math
rc:sonin; 67.7% 50.5% 63.8% 63.9%
MathVista (testmini) 0-shot CoT 0-shot CoT 0-shot CoT 0-shot CoT
Science diagrams 94.7% 88.1% 94.2% 94.4% Let me know (f you'd like any modifications or if you have any
AI2D, test 0-shot 0-shot 0-shot 0-shot questions about the SVG code!
Z::Ssl\l:ir?::s“on 68.3% 59.4% 691% 62.2% @ Crustaceous. Can you make some seashells in the same styke?
MMMU (val) 0-shot CoT 0-shot CoT 0-shot CoT 0-shot CoT
Absolutely! Il create some 8-bit style scashells to complement our crab
Chart Q&A
R(“I?L\rgan‘ur(m' 90.8% 80.8% 85.7% 87.2% 8-bit style seashells SVG
(test) = 0-shot CoT 0-shot CoT 0-shot CoT 0-shot Co'T
Document ¥
C
visual Q&A 95.2% 89.3% 92.8% 93.1%
ANLS score, test 0-shot 0-shot 0-shot 0-shot
, tes , =
laude
SN = R N s /35 .
BESVIIEEN Z EE R ER A ER, BREIR © Anthropic BN |, fEFBHAT 10
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1.1 FiEE | BIMELEHE LMKIRBLZ i
1.2 KiZBISHT | SIRSHIRGEIIIN , [RESIRSHEALCH
1.3 LEBEERR - MEBRIZISINER , IBRSEABREPE

BEVIIERIEN 2 [EREBIRE R AR, 11



. gl TEIRIE

1.2.1 EeHEKAIR | SIEASHNIBEE. TN

> SRAEEMREAR, EVERAE, FAREETE, GPT-4o LM EA BT IZM, GPT-dohb Wi LA, F A
RIZ I Z M AE AN, FHERLK, FMAARBOEZTELSH L, £ HiEFE X 5ChatGPTaf#E % F, GPT-3.55
GPT-4-F34 3R 5 ] A2.8s. 5.4s, mGPT-4o3t FIMm Ay LB H x4 H2328 47, FIH A0, X HEAXEST
15 P 4 o 2 B 1) B A

> RARMNAEE TMEME), FRAEAIFELLES, 5AAEA L, GPT-40EAT B a9 L AT IR
Ak, AP TAEMNEFEATE; Xk, THRFEGTERSH TR, THARLGFEEERE, AEE I fAlAMNE
&1L C B BB B AT 19 R

LN

-

BM%: GPT-4o £ EERKAR KH3F5 B&: GPT-doR W BsmBAAR WL B&: GPT-4o@ L ALMIP X ALk B /i F 6 B 5 R A

BEWINEIEN Z GRS R M AR, BHEISEIR : OpenAl YouTubeBEAMKS |, 5 RHISET 5



T2 FBIE 35

| 122 mres  namRESESRA , H—memed

> G EREABABRKREM—ROIERD, T, BEFITR, BIELIBREXBKREEL, b ARER.

V R QFEAT. T, LAFEIRAE, BWEAARKRE SNBSS L, BATAERES;

V S RRESRHARTRARAERS, BRI ARATEN, BFRBRIESHETRA—, AXELSSZNIRERE;

v ORRAL . ALy RO idAL, AR AR A THALAMEERGARE S, BB AXTIRANGE L,

VAR BRGSESEAMBER BFASFESEARENRDLERELSE, BRBRWESHSHF,

Vs E: TREITRALZBESBRIZ LW,

> VAGPT-4%4 1], A 4ESemianalysisfFMl, GPT-4 %A SREA T 48 £MATF lamingoZi 44, €89 L A% 5 5950 %4 5 2 4
Fray, BEIIANT ZESE ) HH.

k
u

(

Bi: 2REXBAE—BRH Pa— B%&: Flamingol & £ #)
ted Output: text
Comit [ Large Language Model ] . Pretrained and frozen ) 5
ognitive I\I?-‘.| a very serious cat.
Module - 4414 o’
l {4+ Instruction Trained from scratch
| ——— n-th GATED XATTN-DENSE
: Perceiver Perceiver g
Alignment ' Emlﬂle'd“:mg E Resampler Resampler
Module l e v w8} S 15t GATED XATTN-DENSE
f Processed text T
Image Audio Video | <image> This is a very cute dog.<image= This is I
Encoder Encoder Encoder
Modality [ 4 4 % Interleaved visual/text data
Module "
l - This is a wery cute dag.ﬂ This is
Image Audio Video
BRI 2 I 2R, BIRIEIE : Chenyang LyuZ (MACAW-LLM: MULTI-MODAL LANGUAGE MODELING WITH IMAGE, AUDIO, VIDEO, 13

AND TEXT INTEGRATIONY  DeepMind ¢Flamingo: a Visual Language Model for Few-Shot Learning) = ZEtBEHZ3IRR



gl EIRIESH

1.2.2 BASS  RHIREESIRSHEAR , fi—Eme €

> EEENESE, BRBFABEEI = EE AN ESE, EXIRPLEIRBRSELALREAMBFLE TR, =F
EEARA: 1) EFIRARASR: FIMB LA, £/ Whisper: 2) LLM X F—F &34+ 2: LAR1F)LA2; 3) 5%
S A TTS: LA2%| 530, £AMLElevenLabs R VALL-E. GPT-44Z K FlizAE X, AX AR P R pik B 8 mELE%
TRERE, LEABNKER, 2N EERFTRRE, LLEMBEERS, KBREAERFRF,

> GPT-4o A ¥5HELS (LA, MREAFTIN) HBHNEHBEA, ERENABANFHEAGTE —FERNELE, RALE
W EEEG A, R KRR,

Mk: #HEFAl “BEBEHLA-FE-LAHET” =5 ERX

Turn on the party light “Sure Jim, I have set
-Illlllllll Illlllllll ||| ||I|||||||l||l|' and play cool music at 8 it up according to
pm every other Tuesday your preference”
+ 3 second
voice sample

m 'ChatGPT VALL-E

| | |

“Turn on the party light U weekday() ==Tue:

and play cool music at e CHARTHIOMEAPT CODES -lll|||||I||||||||I|||||||||||||||'IIIIII|'

8 phievenyother; Tuesday return <confirmation msg>

@DrlJimFan

BEVIIERIEN 2 [EREBIRE R AR, BHER | BBIUMERRS | HBHARAR 14




T2 FBIE 35

1.2.2 BRSE : WEREESHSEA , fi—wEmg ¢ =

> 5H16H, Metaif i BAES ML EME A Chameleon, 5GPT-do Xk, TAUE R T 3% 2|35 09 7 XM K F45014, @ )|
AR S (LA, R, RA) R EXBREE—AL, HERAGL—WTransformer RA AL

V BHREAE: T LA, BREELH—F I HiEtokens, R4 LRI éﬁiﬁﬁ‘"@ﬂ%tokens}%@]

v DERAE: DHRIBIA b A s‘ul& B, LALEA, BREIFEHANY SRS, £i110% 1Ctokens.

vV BGR: — IS AL T A IR AR 18 MG —89 A, VnBsmty s XAMARS (BPEMSR. LAFRD) 6984
A _EACK S &, ﬁxﬁ%$&éﬁﬁ$‘%é§‘&%‘%é§

B % : ChameleontE A £ H): RA&ES 5 Gilm B % : Chame | eon| %3 4% £ ) %,
QQ- DQ- H g Llama 2#4=Codellamalii& Bl 2. 971z
: banana bread." - é{] ﬁﬁ;ﬁ%ﬁ i}I] %ﬁ;}t}% /]\tOken
Mlxed Modal Auto-Regressive LM :
: lmagBDe-Tokasz %___Ff]\ﬁy}t N * 3 14 ZJX 1575—'16
: &J @ (&9 44 80%) IR, SR ke
! r
: 2 FI 40001z
: Mixed Modal Auto-Regressive LM ORISR /]\tokq'en
¥ (= -t][jt] -[jé BB AR E D RAE O R TR0, iR ERE
(3) Mixed-Modal Pre-Tral ning : ) Mixed-Modal Gen ( lfé“ i}l] %%20%) &ﬁ?—t#%i él__ /i % —j

BSWRIEIEN 2 RIS EIRE AR, #HISKEIR : Chameleon Team {Chameleon: Mixed-Modal Early-Fusion Foundation Models) , f&FBE53RT 15
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BB SESEAR , SR €

» ChameleonZ BT J 289/ 7

vV BRI RMESFHRFEFL S/ Chameleon—34BaY 14 At
S AT EL,

v B R S fBgAREA A L Chameleon—34BA2iE TFlamingo. IDEFICSA=Llava—1.5% 4 A1,

1.2.2 HAFES .

o 1R AR 32 Ao ] 1% 32 RN X 4E %5 £ 5EMixtral 8x7BA= Gemini Pro

B % : Chameleon—34BX A /7 5Gemini Pro¥ IEHE & % : Chame | eon—34B#l, 5t [5] & F= B 48 4% 12 41 27 SOTA

Chameleon Hlama-2 [pistral | | Gemini} cPr- Model ModelSize COCO Flickr30k VQAv2
B 34B] 7B 34B T0B 7B 8xTB Flamingo-80B 80B 113.8 75.1 67.6
X Pre-trained go- o R pA
Commonsense Reasoning and Reading Comprehension 0B 116.6 73.7 65.9
PIQA 70.6 833 7SS SLO 828 830 836 32-shot  d-shot 32-2hot
siQa 570 633 483 509 507 : ShG A =
HellaSwag 742 827 77.2 833 853 813 844 34B )llf)|2 ;;}l."t“ ()()'0
we e STl B39 s6T o BLTO S Chameleon-SFT 34B 140.8 82.3
WinoGrande 70.4 785 69.2 767 802 753 7.2 O-shot  2-shot
Arc-E 76.1 84.1 752 T94 802 80.0 83.1 Chameleon-MultiTask 34B 139.1 76.2 69.6
Arc-C 465 507 459 545 574 555  50.7 2-shot 2-shot
OBQA 510 540 586 582 602
Bookd 814 800 TI4 837 850 AT Finetuned  Flamingo-80B-FT 80B 138.1 82.0
Math and World Knowledge IDEFICS-80B-Instruct 80B }12'12‘ : 18.‘1“ (’)28:4'
GSM8k 416 614 146 422 568 521  T44 865 92.0 785 553" 772
majOs maj G5 maj 032 SF 8.0 I, .2
509 770 751 & o Closed Source Bshot  Beshot
e . . mnE e (finetuning Gemini Nano 2 67.5
MATH e 2h5, 28 62 135 g Bl 26 e status unknown)  Gemini Pro 99.8°  82.2° 71.2
129 247 2-shot d-ahot :
MMLU 52.1 65.8 453 626 689  60.1 706 TL8 86.4 Gemini Ultra 77.8
EENEREE T 2 S SRR E R £, #¥l5kIE : Chameleon Team {Chameleon: Mixed-Modal Early-Fusion Foundation Models) , Z$REHFFT 16
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Topsperity Securities

hz.z BASS : BISEESESEA , fi—HEmEg

> ATH—FIIRBAL R EBRSAZNAE, BXELAARNXZIIFINT AL IPEEL:
v Chame leonfe B L A EE o & mi 7 @ 3RAEG 236 EFRX P (BPRASREAL KAL) RS
Fei @, ANEiFiEHE P E3%kChameleontE A, @ 2 Gemini ProfeGPT-4V, & ¥ A 6,4 L Afo 4 o B L 89 5] A4,

B % : ChameleonZ st B Ar L AT R AKX B%k: ARAOESHERES G, ALiEHEHE L E K Chameleon

'm bored. Could you show me some cool, quirky-looking birds? Also tell me about them in 2-3
Wins Ties Loses

ly! Here are three birds with some unique features that

Response: JAbsolutel

you might find interesting:
) 70

Model
. Charmeleon Gemini+ 415 345 4.0
— Gemini+
- GPT-4V+
. Gemini
- GPT-av

Keel-Billed Toucan The Keel-Billed Toucan is a brightly colored bird
native to South American rainforests and woodlands. Its most distinctive
feature is its colorful beak, which can grow up to seven inches long and has a
urved shape. The beak is used for plucking fruit from trees and
for social displays. Despite its large size, the Keel-Billed Toucan is a skilled
flyer and can often be seen flitting through the treetops. Here is an image of
this vibrant bird: <img>

GPT-4W+ 358 s 326

Puffin Puffins are small, aquatic birds that are found in the northern hemisphere.
They have distinctive black and white feathers, as well as a brightly colored
beak that is used for attr nd defending their territory. Puffins
are known for their di all, which sounds like a loud, guttural
chuckle. They feed on fish, which they catch by diving into the water from the
air. Puffins are colonial birds, and they breed in large colonies on rocky cliffs
and islands. Here is an image of this adorable bird: <img>

Gemini 535 31.2 15.3

Percentage (%)
w s
Q o

e T A
Golden Pheasant The Golden Pheasant is a brightly colored bird native to the 10 GPT-4V 46.0 314 216
forests of China. It is a member of the pl ant family and is known for its
striking plumage, which feature: . ¢ body, red face, and green tail
feathers. The Golden Pheasant is a ground-dwelling bird, and it feeds on a diet
of insects, seeds, and fruits. It is a popular game bird, and is often hunted for
its meat and feathers. In captivity, the Golden Pheasant is sometimes kept as Task Fulfillment Rate
an ornamental bird, due to its striking appearance. Here is an image of this

beautiful bird: <img> .
' . (a) The prompt task fulfillment rates. (b) Chameleon vs. the baselines: G
ni, GPT-4V.

0 20 40 60 80 100
Percent (%)

Partially fulfills Does not fulfill

i+, GPT-4V +,

I hope these images and descriptions have helped to brighten your day! If you have any other questions Cen
or requests, please don’t hesitate to ask.

BEUEIEEY Y B EEIRER AR, HHEISEIR : Chameleon Team {Chameleon: Mixed-Modal Early-Fusion Foundation Models) , ¥R 17
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ECHHBRE (A TEEEFN SRS H

1.1 FiEE | BIMELEHE LMKIRBLZ i
1.2 KiZBISHF | SIRSHIRGEMIIN , [RESIRSHRALCH
1.3 LEBRGEEASR - MERIZISINE IR , R ERYERAMREIE

BEVIIERIEN 2 [EREBIRE R AR, 18
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1.3 HERMEREFHE  EINLE , BRSHEARRAS € &

> A HAl Agentih B Astrat®E &, B & XMIGPT-4of9ft ), TIAEAB LK, FIR. AMSBEEENHERE, Astradfe
GPT-4o®9 4% F R £4, B P T B L w oAl LoFat4E, URMIAIF K., EXFH LS L, TAEAR LR TN P HFF
kT F NS, HEProject Astra#t il —3k it B, 8 JL-T A8 K B A AE i R R A ) A

> Astradg i 1) AR A P k& Lo KAk LA B % ENRAELLEHE); 2) ﬁ\éé’ﬁ%i&ﬁ%ﬁ, TR 1 E 90
Big, AIfe RN, AR P RELBDOKRE;, 3) KEEMACAR, HLEAEZEHES: 4) EHAFF.

> Astra VS. GPT-4o: BH A& FM. BIL. MMELZESKRER Y, REHR, GPT-4oE 2 T ZAESH A LI
RE, Astratb iz THEISIRAEALLEREABBEALEE, FARSREASHROARESR S LTI HLYRE.

Bk: THEARERFIEAstraLs) Bk: THARMBIREESE EAstrads) B k. Astra® FALHA &K & L6

~ -y

S EE RSB AR, RIS : Google VOETP , EFBEZEAT e
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1.3 BURETHE  SNEN  EgEnEREReR ¢

B%&: Astrall B ) 28358

> Astraf§ AL IR A=iE & %o B B A 4

vV BRI HE: Astrad i@ i3 H R FAUIEAR KA 2 AR B B a9 R IR IR
&, 2Rl ERRAMNRAMAETRN, QRFANRELR, H4
FE R RREE, T RRANMAR. B95gE, & ZEEREZBREA
ARTFAENTEEH, MM, CERITFEFIEGELNKEE R
#HR, RBfe, QR FITEE,

v OlLIh, BFREA AR EEARA, IR TAstrat R &, HAEA L) %
893518, Astra® AR IFH I MBALAIPT AL 89353, HASTEFREBER L

B %: Astra3f R E

Al = e = i n b ——

of— ool

%ﬂﬁﬁ:"‘lg‘ ﬁ}\/a =)

. 15 8 A R
A0 2 AR =38

BHISRE : Google DeepMindER | {EFBFHFSET



ERXIRBI RS : BE
KA , BEmEiEA=ESRD

2.1 5eXIEE | RERXNE , B=XIRECHHEGPTZHE
2.2 KXPFH=XEEHERZIE
2.3 ML BB | IEENBHRFE

BEVIIERIEN 2 [EREBIRE R AR, 21



| 21 53 : ERgEhEERA | EEXREEIIER |

Bk&k: BASRHABEBGLES

i 7 i

2 FRIES

Topsperity Securities

> BHRRBRT, BHARRESLEPT- R E FHRREE RS TARA HRETH KXA BEHR BULM AALOE HREeL
4 CER) MAENLEE, B4 GPT-4-Turbo-0125 79.13 828 752 879 786 81.6 698 762 798 73.4 86
HEe ) L EAH K. GPT-4-Turbo-0409 77.02 816 712 876 76.6 79 67 728 776 726 84.2
> BARAEBRE., BiE LT M GPT-4(% M) 7532 786 716 878 748 728 664 718 764 72 81
QAWM TAERARAES, LCH Claude3-Opus 7447 768 612 845 740 774 666 74 75.8 70.8 83.6
B KA 80 12 A M AL FGPT—4 (5 Baichuan3 7332 748 686 748 744 82 646 708 736 71.4 78.2
q) . GLM-4 7258 71 646 726 746 78 642 736 752 71 81.0
@A FF2.1 7245 71 596 533 756 81 718 788 754 75.6 82.4
> LA 2 FbE e GPT-4%35 X B iHunyuan-pro 7212 71 626 636 740 784 664  73.6 75.4 70.6 85.6
AP AR, B R R K —E40 719 706 646 738 724 77 602 71 74.8 714 83.2
fefe /) ERIALE & MoonShot(Kimi) 7042 714 562 616 706 798 686 726 658 72.2 85.4
v BXFE21: EiinFA. KA. M KAEAVLS 7035 758 578 541 710 80.6 642 72 74.8 70.2 83.0
AerEftnbeEFEA RER MiniMax-abab6.1 ~ 70.18 714 564 652 68.6 75.8 66.2  68.8 738 67.2 88.4
#, 1F0EGPT-475, WLy i RAR A 6951 682 546 581 69.2 78.2 682 734 74.8 72.6 77.8
v Kimi: kimi AN LA b e,  WHEZRsepl-32k 6869 648 552 603 692 792 616 708 732 68.8 83.8
L GPT-440 525 /250 & A qwen-1.5-72b-chat  68.07 68.2 528 517  69.0 77.4 67 726 742 71 76.8
360gpt-pro 66.6 632 552 422 688 744 636 698 738 70.6 84.4
qwen-1.5-14b-chat  63.51 62.6 454 347 654 724 634 69 72.8 70.6 78.8
BSYUIEEIEN Z BRI ERE A ERF. BRI © SuperCLUE (P KIREEOENIT2024F4BRE) | EFRHARAT 22



| AR SR IEEGPT-4 € =

A&k BEASMRH KRB KRR K

2.1 XI5

> RBEBOGRIARNLERAT L) £8 K AR 3] £0 T EX ¥
TE2HEFH, BAKIARSD ALFF2.1 B A= 71.8 GPT3. 5-Turbo-0125 d AR A 61.2
AEAR T A9 E I KR, GPT-4-Turbo—0125 IR 69.8 L —F4.0 %e 60.2
> BRKREE T HABECAES. MoonShot (kimichat) B A A= 68.6 = RAER e 59.8
e e oL iy K AR P AT = 68.2 L lama-3-70B-Instruct (poe) EI A 59
BB A, 0. 36080 GPT-4-Turbo-0409 IR 67 aqwen—1. 5-7B~Chat %e 58
aqwen—1. 5-72b—chat s 67 Gemini-Pro IR 56.8
Fha, Ls—F FRaKLALE
Claude3-Opus oA 66.6 Llama-3-70B-Instruct(+ ) B IR 55.8
> BAXNLLERALEEZGESF GPT-4(F M) H AR 66.4 Llama-3-8B-Instruct AR 54.4
1o MAEAEMIFIRE, B Hunyuan-pro-32K-0423 St 66.4 KEZKV35 te 54.2
B EAET. 80 Ay A R KA A MiniMax-ababé. 1 2 66.2 ChatGLM3-6B #g 49.2
vE—ABFT700 89 KRR, @& Baichuan3 e 64.6 XVERSE-13B-L re 44.4
kimichatf= L& kAR N L IEF GLM-4 e 64.2 Gemma—7b-it SRR 44
W G i, ERI2L P, A% KARAIVLE e 64.2 Chinese—Alpaca2-13B #e 12.2
20/ e Ak B P KA b 3R 360gpt-pro s 63.6 Baichuan2-138-Chat-v2 % 3.4
qwen—1. 5-14b—chat % 63.4 L lama2-7B-Chat MM 0.8
3% 2 Jk step-1-32k it 61.6 L |ama2-13B-Chat HIMER 0.2

BEWINEIEN Z GRS R M AR, BRISEIR © SuperCLUE (FpICARBLEENIT2024F4BIRED | FFSHRAN 23



wn

| AR SEENEHEEEGPT-4 € =

Ak: BRSZRAXREGK AR LR
A P 5o AR

I 2.1 KV

> Kimi 2 AEB AL RBERKIKER. 3A18H, AZE

23 8] [AAi H A

L TF X Tokens

@A AKAK ETCF o H A ERFR 4 Kimi %y Ak GPT-35 L6k 32128k
] ] . . OpenAl GPT-4 8-32k 6.4k-25.6k
BFE H207 FH D) L H2007 FRK M EFT L, H# GPT-4 Turbo 128k 102.4k
FRPELEFG Z8 “HAN” , TEH &R, BE. M2 Gemini 1.0 pro 32k 25.6k
x . N .. . . e Google Gemini 1.5 pro 10000k 8000k
—%‘ }1 k*%ﬂ jb% F ?’5)_ Fiiéi E jﬁ k*%ﬂ%{&lﬁ%; éTnl%J —E Gemini 15 ﬂaSh 2000k 1600'(
THRKLALETFTER, 3A228 808, F2ag:8ELFFE Claude 100k 80k
- gy - . " Anthronic Claude2 100k 80k
SR, @A AR 100077 F 69 K AL AL Z 7 e s P Claude3 200k 160k
360% B, 3607% fniE X, M M5007 F K LA KL 32 54 6%, Claude 3.5 Sonnet 200k 160k
. . w2 . 18 b s 2k LLaMA 2k 1.6k
PPRF NBE360A1 3 I 555 B A AEAR 3L —F #HATIHHA, - LLaMA2 i 32k
SRR AR S, XATEE £2007-5007 Llama 2 Long 32k 25.6k
. . . . IDEAS NCBR. Google DeepMind 4 Loag LLaMA 256k 204.8k
X’J’kbo&ﬂ‘i&%: 1) 5}:] @%‘kﬁjﬁéﬁﬂ%%‘ﬁ(}emlm 15 pro. Moonshot Kimi Chat 200w
1.5 flash% % £ #2007 (3L IE1000%) . 10075 (FF KBS BX AL 1000w
T aE Lu—F 200-500w
AR T 22X EM2007 ) token; 2) 6H, Claude 3.5 360 360% i 500w
Sonnet ¥ #207% token; 3) GPT-4 Turbo X #:12. 87 token, FH 2 6,38 ABEA pro 128k 102.4k
ik GLM-3-Turbo 128k 102.4k
i RITRTEEZE20245F6 H30H ; MIRLNFARIMIAVEIEIRERL token=0.8NXFME ; Gemini 1.5 pro,
flash 9IRICHRRIE.
BEWRIEEN 2 EHEEIRENEEEHA. BRERR © SR, MEHREARE | HESRREARES |, BIINE | SR 24



ERXIRBI RS : BE
KXYA | BEmEIEASESRD

2.1 %XEE : RERNE , B~XEECHHIEGPTZA
2.2 KXPFH=XEEHERZIE
2.3 ML BB | IEENBHRFE

BEVIIERIEN 2 [EREBIRE R AR, 25



| 2.2 KR AM= AR S

> Transformer RM W AR A A KL AP FLAEZEHHTH
BB, FTFXGUICRB R KAL) R,

Vo (1) EEAMGTHERE  EE ARG LT A A
B TR EEEARRFINKEG K FH0L2) , MAEFINE
K, BETHRETE AN AIEKGEA, ZA )| 45k
B R,

v (2) ETFXee: LLMGRZ M8 A B ALE], URSEKVE &
KA B ART T tokenZ 91603 &, (225 % T —k 3498 ]
BAEE, RIAEF A £ P A tokend9 13 8. # o B BIKVLEE &
¥, & Ntransformer R 2tk Gz A T 16915 &, Bm, &
KRN, BARHAREH ETIIENEG, mAEEK
e, X BREFITHE T @AY, 12astKIeich
Z KRG RIB A= F G4 R A,

v o (3) ZELAYR: AU, B TGPURAIRE, T42
P A R KGR AR KE (1K, 2K, 4KF, £ FiE
BERINGFHERFDKEGRE) , MEFINTK, BAK
RETRE T &, HAEEIIAE P, Transformer &7 B KL K P
BB AR LA B T, LLMAR 47718 % 2 FR%] A 7 prompt
EFTFXKE, ARIEBEA MR AT,

B % : TransformeriE & —Ax 224y

Onatput
Probabilities

Multi-Head
Attention

Multi-Head
Attention
J .
—J
Positional
@—@ Encodin
Inpurt Coutput
Embedding Embecding

Inpis Cutputs
[shifted rght)

Accuracy

v gl EITEN

B&: wRK AR HETR

20 Total Retrieved Documents (~4K tokens)

1st Sth 10th 15th 20th
Position of Document with the Answer

~&- gpt-3.5-turbo-0613
== gpt-3.5-turbo-0613 (closed-book)

BEVIIERIEN 2 [EREBIRE R AR, Contexts) . ZEITEREE

BRSEE - Ashish VaswaniZE {Attention Is All You Need) , Nelson F. LiuZs {Lost in the Middle: How Language Models Use Long 26



e ol EIRIEH

2.2 KXAM=AMTHRRRZE snzs

> RAAK AR 69 F & K8k,

> BAT, REAKIAN T XL ALAEEAIS . KB, BT LR UARAL E RN EF,

V RAEEAE . XA TR E BRI B E BN G RA, EERIR ARG E 0, AT A
MR B E T X KE AR IR PR R ETIRKEALR. TUASREFRE G R, B REERA — A4
THEE: BIREE, 9EEE. HREE, UMEERIO-BRIEE. Pliv, BHIEELIFEF AN tokend 2 FMRT
HABAR B token, T2 A/ token 5 H AT A #9token#k it Hattention,

Bk: KIXARAGBERZE Bk: BREZEHANFREZR
...... s
@ Mataad
@ Nom
> 25 £3 ) © Sotmax | (=
i Local Attention ‘ ’ Hierarchical ‘ [ sparse attention | | i 2,,“_',‘,, B 1 | iR (1 1 ]
L J |\__Attention | \ J S M 1 ) . ‘ - E] toenl]
( \ - Backward | |
( "W""f"fj“'d ‘ l I0-Aware Attention it | (1] 1 =
Attention L L - T 3l i 1 B E D [7]
} [ toun ( Dwrvee Amareon un—.-;u-u n-‘-n:,-m-m nu—aw;n-;}n-”
) e o o B
(e tree) | =53 bl _SmERER “HEE “WITT B0
I 1 * . - 4
=)= O 11 | -
External MamoryBank Objective L] T T l B[] ww
) HH
(Guartioaton)
us ]
- ——
e ==l e u mm| i "
Ll L
- Gtoat L D Myt ASweturn M Ontw Locw Mt ADwrrscr 13t Mtertoe Bre 74 G Sron Ameraon
(@ (b) (Sppecesi Toman) Gotoel Tonary Toreami W [y

B B S E i E R A=A, ﬁt\-/}jf)sﬁ :%;l;l%;l%\lﬁ(; HUANGZ {Advancing Transformer Architecture in Long-Context Large Language Models: A Comprehensive 27



o gl TEIRIEH

2.2 KA = ARERGRZ S e

v oKL A E s BRI NFUNY IR R R ETLE . 1) AR A S G: ARERE T, BFRILEAPRBEZKE
B/ BAR, HETLREERMAARNA BRNEGERRIEHOEF &P RF; 2) 3% E: EREIEF, EA TR 50 E
PRI AR AFE L LT, KA P GRS S iR AR T K AT, P14eRAGH K .

VAL E G e BT TS M E RN T AR R ETR KRR, FALKGEEKE, Pl REEN R ERT EY
RoPE (#&#:{z & %mAL) , FI ETF LK EIE,

vV ETF LA AMAREAEAER ALK LALE, BANEGLNLA ZER A SRR, FE@d SR AARARARKET
N, ARERIA R ARE FLmax k4], X G EAFXAMBLMEE K E FTXWE AR, RAMASERYG ETFTIEIRS,
Blhefs ETF U, BoBegf &abs AR E% ETF ey K,

VO H AT ks QIR AR BAR, MoE. FATIHE. EHEREF T K, RGNS £ SA Y B AL .

B%: RRGERKRERE B & : %442 E 8\ (RoPE) RHE A
B ettt i
Mg E )('2 ‘\I'I‘I i
; d Xz :
XA : [ axa) — — - .
- : xll X 'y, x'3) :
100 i \ m . / -
‘.‘ ht“:f_i . ., e emoyuu;ml d=2 _\_ 7.7 ‘.' ....... e ommmmmmnnd ;
\ \ A
< e e o @ Enhanced Iﬁ]ju:- | [@:ﬂﬂ:—
001 | e il Transformer [IRININ -+ - (TN 2 B - e
00 | RS wan win (DD -~ O 3 —_— WS
v ooy [OEDD - IR D -+ s
posten (D -+~ CLTI OO - CE
p— ervessrs OO - O~ & O -+ OO
R ATEIE ST R SR E R g, TEERE - PORESEARE | Saurav PawarZE {The What, Why, and How of Context Length Extension Techniques in Large Language,

Models— A Detailed Survey) , EESEHZFT



ERXIRBI RS : BE
KXYA | BEmEIEASESRD

2.1 %XEE : RERNE , B~XEECHHIEGPTZA
2.2 KXPFH=XEEHERZIE
2.3 ik ERE , IEEBHARE

BEVIIERIEN 2 [EREBIRE R AR, 29



2.3.1 BMBGAPIRRBE , IENARE ek ¢

MARRKE T T HES, ABRBNFERRREK, BRAXEET A9 %M, AR3 A PFR&GT B0,
v BAXBERAEHNARENEFE, O ok, 2EmANAHAEN. REFERREANT R, 5H68, KA KEFRMEH A DeepSeek-V2,
Eﬁtokens{x*mo 50158, FH AT @ AR S Gpro—128k it A& i I a NN A& T AN BL 4T LA AK95. 8%, & #Lpro-32kAL A 23 dm A& £ 1k
TN AEAKID. 3% ZBITE., BE. AR TE, BiAEE BRARLLARBWAENIIE, SN RmE, BT EELE, HiEAIZI, 615
EM”%\ﬂzﬂ@\ifﬁ%ﬁmﬁm%%Fkﬁﬂwﬁﬁa%iwk%%ﬁﬂ
V BREENABRER. ANMEBEARE, THEA, EMERB BRI,
v EZAVAH, F%ﬂ%%%ﬂktim%ﬁa*i&wa PEMRAEBRKIHTHLEENTEEHARIOZE, = AMITHRER, S5LELL PR EN

Y

mH AR EAA, BARNGTARELSHAF, #t—F ETHHH,
Bk: BASEZRRKBRENEREL
- - . B#H37 (/& % token) % &k 2 A (L/E 7 token)
2y T 2 A0 iE A A B
gpt-40 5A138 “é iy 36 109
OpenAl gpt-4-turbo 73 218
gpt-4 218 436
Google gemini 1.5 pro 5A158 “'é‘?kfiﬁl‘ 51/25 (128K L TF X) 153/76 (128kETF )
gemini 1.5 flash 5A 158 AR EM 5/3 (128k LT ) 1527/8 (128k ETF L)
Anthropic Claude 3.5 Sonnet 6 A 218 B REM 22 109
EELE DeepSeek V2 5468 B RZM 1 2
KAl GLM-4-0520 6A5H BREH 100 100
" GLM-3 Turbo 5A11H 5 5) 1 1 80% 80%
2 #,-pro-128k 5 9
o e 2 8,-pro-4k/32k - 0.8 2
SR % 6-lite-128k L ReY S 08 1
2 #,-lite-4k/32k 0.3 0.6

BB R CEREZE202456 5280 ; MBS RAVIEMEL S,
BEWINEIEN Z GRS R M AR, BHER | BARERN , SRFAMEARS | BFRARMEARS | LITEWMEANRS | DeepSeekT , EFMARAT 30




o gl TEIRIEH

2.3.1 BB GAPLERE , JanAciEs st ¢

Ai: BRIZRABREMHEHEL (K)

. AT (&/E Ftoken) BH El#R ZH (/8 7% token)
| ) 2 | L]
R 5 i b | A s A sl
Qwen-Max 120 120 40 120 67%
_ Qwen-Long 20 20 0.5 2 98% 90%
e Qwen-Plus 5A21H 20 20 4 12 80% 40%
Qwen-Turbo 8 8 2 6 75% 25%
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