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PR G K B R . AE 2026 4, FEE IR A 28 U, SRR I AN B 1
PO R 2 ) — A R R B /A (World-Action Model, WAM) , $271 7 2
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SHT VLA B S 4 = R BOR B2 -

(1) 3T VLM + Zh{ER RSy
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((RE
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BT U AL (Video-Generation Model, VGM) il 4145 P4 71 R (AL L
WO, A AR AR ) S R A . 1 TR B M S S VR S i A A B S

(3) FEF VLM+Latent+Action 244

N FEo M AR AR, B TRARS B2 AL RE ST, K ELIR M (& SO A L s A
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R BOR S ZAE 2024-2025 45 [ HUSRBEIEILRE , (HH B AR NSk, 2
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HEEARBOT, SCHHERATIE, PEEE BT 12l DreamZero BY45IE



e

" q Py S
' '

ST ST ST (| BT

H B i 2 570 3 AR EE T R R AR N I 23 KRB N 9T S ERBE R L, kA% 3)
Bl R E AR AT IR E AR SRR SR E R HARGLE . SR, B
REAAL T RANIAEE P —FEN LR L B, 77 SR SE BT S B0k SR 95 &
W E AR TT L B AR AITZE ) AR -ty = > Sl Se i R, X R SE R kiR
MR ZHRERIIAEE T BAT RAFRZ A, AR B 3 RE AR T X S8 4 50 R PR
R SR H AR

SEGH g AR U SHEEAE L, B S SAUE R 5 hlds AR
HIAE— AN RERS SE TS5 I AL o LG0T 3 A ZEMI sl O I N B, 7
EL RN B AR AP AR — 2 Jell e . LA X BB, S HARZ N Ies
SE B ARAR B ES BE , XPPLER AAMRTIEAS . AHLRLA . R 3R X A AT 5518 LY
FBIEA R F O SR SHURA R SAL 55 B AP s —T5T, HARRTBERA “4k %]
FAST UL AT WA . A4 B AATE S AR R DK 45 w28 OB A
BRI A . 15 S SAREIEATHERL 75— 071, SAETRADEOR LS
NIRIRFEA AR, BELAUE A (IR TR, #K . A EAE) M mTabh ik
G, BIANTS 20 S AP sh2s 18] ARBUILES B i AERE 205, AN
RGN, fRMAE R Shlge N b “EAR RS A7 sUE AR
PE—DSEA. BERREG T BERG I HARARR, SAUBERGR B8 E
AR XA ARSI ST BRI R oK, (EAET R T A AE D]
BRI Ho—, B SCH AR5 2R 0 A, MEDAAE B “$if R4 R AE
FRYIARIE” . O T RSB RS SRS H T, gz SHAEE SR



A, AL R T AN (A MORAI S Ze A U 3L, 45
G T T BRI S, TENS ABE, BRAEE . 5 M s 5 N I e
PEALAT. A2 T, HL S S A S S 2 ST | LR A I
SRR e AE S A b, FE R T R A <50, 5
2% BRI E S S E AR, FERREREE . K. £ H M sl
Hh HAFHZ AL B T 45 SR

BT S AL AR, Y1 7 DA o A I A S I B R
P B R 5 T T2 R 43 T i 2 5T L T2
T, SRR AR T S W B B S, Sl R
121 RIS R ) S5 07 SRR M 4, R T 44 8 2 o
B R L G5 WA T2 ST AT, SRS O RE S T3 M2 3T ) Rk
6% GBS R . BESh, B AT, KB HR T HrE 7
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H 7Y HumanPlus, REBLIIEREE s g0 102 3] 5 B A6 A T AL 24 S 45
SCHL T H B AR 3B fgsr o)

SRALAE SR B AT 55 ) 2 W T E LA ATES S P AR e 5
RGN, JCHIRTEBR RS AT AT M e 74 . B i > W RUBL] , MLEE
N REAE 3 o855 PR 1) o B B0 28 A0 A 4 S, AT S B0 v 20 3 Bl L RS
FEHIUY, P EALAR A, UC Berkeley #2HH AMP 8303, B0 XTI 2585 R 1%



GesiAb s S BRI IR RN, B R R TR S O A EIB A 55 AL
MR REIETS B AR A ) HugWBC HEZR I (o T — A0 R (AR 1 SR, 5
BT NEHE AN Z 50 B AL SRR, SR B B SN A ST, At
$eTT TR Nz s R IE A E R
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NSE TS5 73 B AR AR RN S I Y PR AR (S T RE , AINTRORHR T T Qe A
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BB AE MR AR AR R B - AL HLAT (Paul Dourish) ozl , HARMEAE
AT AL H B H R EER O R GE A T B B AR AR BB B L il
MBS, W TR A R IIE 5 S A TR . TR IR HE SR
T, AL IET Bk . ST Msh S AR, mARGLRAT S5
Wi 2SRRI A, BB H ARt R S, AR R S 3
YR B EERE, BaAEAESE TR ANIES (Human-in-the-loop) %2
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1ER B %1% (Embodied Dialogue) fE£55 7, B REM AT 2 5 BRI TR A H.,
b HARTE S SR U A, PASEIEIN H AR5 m i AL . BB
TSR RE B AT ARSI R, B B Ge Ty, BlUNAERS A7 AR
ST, SRR B R EZIRANE, MR THE 55 AT I HER 15 B
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AT RENFEZ B RHMERTE ST, T REAR T TS SRR S ISt . IR
W IR 0P 225 MR S S R, AR B iRt TR
o R BRI A B AN 2-3F7R .

Human Instruction: Move to the kitchen table and pick up the knife.

. Dialog )
Vision Robot Action
Robot Human
<turn left>
Where is the The kitchen table <forward>
kitchen table? is to your left.
<turn left>
Ok, what does
the knife look The knife is yellow.  <pick up [mask]>
like?
Got it!

B 23 BE3XERE]

IWAEFF R E 522 H. (Human-in-the-loop Embodied Interaction) s&—fh A& 5%
REARGR R FEI AT B, HAZ O Tl T ANERS S, LI REAR ] e
HPAT R A YO SR . B SR A A K
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LRI ML NI BRI S IE AL G A, AR =P [rT R S 5 4 o )
WL B2, [ FEAKT. B USRS ARG B RIS (kB Besisk .
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Craft!" ! 5@ o &I i 28 W 28 J 412 K 22 R GE M 2548 5 PointNet AR b = 24 55 25
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K, A ESERAT S EIEFIWT A RIS AR R . MORLET 5 A BRI A5
RUSEIT H 5 HAT R M, Trajectron++U24 @i Z5 (478 43 H G A5 113 A SR 11
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WAFHE , PAGH R SaER AL G, NIMAER AT Btz 4k; VPDDI A
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